Test of CWA’s Experimental Profile-Dependent Radio Occultation Observation Error Model
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Experimental design
Model: CWA TGFS (an NCEP GFS-GSl-based system)
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* Assume the RO bending angle observation error variance is composed of a “dynamic” term and the other “quasi-
static” term.
The latter is not profile-dependent, but can be a function of height and latitude (or other parameters):
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